Getting Started Quickstart

V Lﬂovv Tracking Quickstart
@ INFO

Looking for using MLflow for LLMs/Agent development? Checkout the MLflow for GenAl
documentation instead. This guide is intended for data scientists who train traditional machine
learning models, such as decision trees.

() MLFLOW ASSISTANT

Need help setting up tracking? Try MLflow Assistant - a powerful Al assistant that can help you set up
MLflow tracking for your project.

Welcome to MLflow! The purpose of this quickstart is to provide a quick guide to the most essential core
APIs of MLflow Tracking. In just a few minutes of following along with this quickstart, you will learn:

= How to log parameters, metrics, and a model using the MLflow logging API
= How to navigate to a model in the MLflow Ul

= How to load a logged model for inference

Step 1- Setup NiLflow

MLflow is available on PyPlI. If you don't already have it installed on your system, you can|install it with:
bash

pip install mlflow

@ INFO

See Secure Installs to learn how to pin dependencies to known good versions using hash checking
and upload-time filtering.

Then, follow the instructions in the Set Up MLflow guide to set up MLflow. J Ask Al

If you just want to start super quick, run the following code in a notebook cell:


https://mlflow.org/docs/latest/genai/
https://mlflow.org/docs/latest/genai/getting-started/try-assistant/
https://mlflow.org/docs/latest/self-hosting/security/secure-installs/
https://mlflow.org/docs/latest/ml/getting-started/running-notebooks/
https://mlflow.org/docs/latest/ml/getting-started/
https://mlflow.org/docs/latest/
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[aud] No audience defined; who is this tutorial for? 
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[IA] APIs aren’t mentioned again until the Next Steps at the end.
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[Diát] There is no “end goal” for this tutorial - each Step is really just “playing” with a different feature with nothing coherent happening

San Wagner
[aud] Makes the assumption that this term is already understood - this is a Quickstart / Tutorial, things like this should be defined somehow

San Wagner
[IA][aud] This is a prerequisite - this should already be done before jumping into a tutorial! Create a simple “Before You Begin” section for any prereqs

San Wagner
Mlflow installed, environment configured, and working Python set up (at a minimum)

San Wagner
[aud] The INFO admonition below assumes that we already know what a notebook cell is or even how to access one

San Wagner
[IA] I’m not sure why this “start super quick” bit is buried in an admonition. 

San Wagner
[Diát] There is too much going on in Step 1 - first we pip install MLFlow, then we get a redirect to set it up (shouldn’t this all be on the same page?


python

import mlflow

mlflow.set_experiment("MLflow Quickstart™)

Step 2 - Prepare training data

Before training our first model, let's prepare the training data and model hyperparameters.

python

import pandas as pd

from sklearn import datasets

from sklearn.model _selection import train_test_split

from sklearn.linear_model import LogisticRegression

from sklearn.metrics import accuracy_score, precision_score, recall score, fl_score

# Load the Iris dataset
X, y = datasets.load_iris(return_X y=True)

# Split the data into training and test sets
X_train, X _test, y train, y _test = train_test split(X, y, test size=0.2,
random_state=42)

# Define the model hyperparameters
params = {
"solver": "lbfgs",
"max_iter": 1000,
"random_state": 8888,

Step 3 - Train a model with MLflow Autologging

In this step, we train the model on the training data loaded in the previous step, and log the model and its
metadata to MLflow. The easiest way to do this is to using MLflow's Autologging feature.

python

) Ask Al

import mlflow

# Enable autologging for scikit-learn
mlflow.sklearn.autolog()


San Wagner
[flow] Why are we doing this? Do we have to do it every time we create a model? Why are we using “our”? 

San Wagner
[Diát] What is the outcome of this step? A new model that we will use for the rest of the Quick Start? 

San Wagner
[aud] Why do we need to do this? It’s unclear what “autologging” even is

San Wagner
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# Just train the model normally
1r = LogisticRegression(**params)
Ir.fit(X_train, y_train)

With just one line of additional code mlflow.sklearn.autolog() , now you get the best of both worlds: you
can focus on training the model, and MLflow will take care of the rest:

Saving the trained model.

Recording the model's performance metrics during training, such as accuracy, precision, AUC curve.
Logging hyperparameter values used to train the model.

Track metadata such as input data format, user, timestamp, etc.

To learn more about autologging and supported libraries, see the Autologging documentation.

Step 4 - View the Run in the MLflow Ul

To see the results of training, you can access the MLflow Ul by navigating to the URL of the Tracking Server.
If you have not started one, open a new terminal and run the following command at the root of the MLflow
project and access the Ul at http://localhost:5000 (or the port number you specified).

bash

mlflow server --port 5000

When opening the site, you will see a screen similar to the following:

= mlfbw 3.6 W GitHub  Docs
+ New
Welcome to MLflow
@ Home
A Experiments Get started
2 Models
Prompts % Log traces [ Run evaluation {1 Train models %3 Register prompts
Trace LLM applications for debugging and Iterate on quality with offline evaluations Track experiments, parameters, and Manage prompt updates and collaborate
monitoring. and comparisons. metrics throughout training. across teams.
Experiments View al
Name Time created Last modified Description Tags
MLflow Quickstart 10/17/2025, 08:33:08 AM 10/17/2026, 08:33:08 AM
Default . 05/21/2025, 07:48:22 PM 05/21/2025, 07:48:22 PM
" . n . . . . L PR PR n
The "Experiments" section shows a list of (recently created) experiments. Click on * start
experlment. ' ASk AI
= mlff_,w 350 #  GitHub  Docs
rhr New Experiments »
[ Home MLflow Quickstart Machine leaming~ @ =Runs B Models  [E Traces m :

A, Experiments


https://mlflow.org/docs/latest/ml/tracking/autolog/
http://localhost:5000/
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5 Models Il @

Prompts

Q) metrics.rmse < 1 and params.madel = "tree

[ Columns ~ Expand rows [E Group by ~

Run Name Created T3 Dataset

@ thundering-fly-685 ‘ @ 2heurs ago

Time created

Duration

B dataset (aa7a0237) Eval . [ dataset (f..  2.0s

State: Active

Datasets ~ T3 Sort: Created v H =+ New run

Models

B model ®

The training Run created by MLflow is listed in the table. Click the run to view the details.

= mlﬁ;w 5.0
+ Newr ) .
ML low Quickstart » Huns
[l Homa thundering-fly-695
4 Experiments
93 Models Overview  Madelmetrics  Systemmetries  Traces  Artifacts
[ Prempts

Descrintion

Mo deseription

Metrics (7)
Q 3earch metrics

Metric Value
Iraining_score 0.975
training_roc_ave 0.9931238273221201
training_accuracy_score 0.975

training_precision_score 0.97E/HL 1026807124
Iraining_log_luss 0.1356285775€813242
training_f1_score 0.9742862794106592

training_recall_scarc 0.975

Parametars (15)

Q) Search parameters

Parameter Value
1cl C.ouet
penalty 1?7
class_weight Mone
rendom_state £888

The Run detail page shows an overview of the run, its recorded metrics, hyper-parameters, tags, and more.

Models

mods|

modzl

modzl

modal

mods!

modsl

modzl

|3Ia)'/ around with the Ul to see the different views and features.

Scroll down to tEe ["Model" section and you should see the model that was logged during training. Click on

the model to view the details.

Logged models (1)

Model attributes

Model name Status

(@ Ready

Type Step

Qutput 0 @ model

Created

2 hours ago

) GitHub
About this run
Creat=d at 10/17/2025, 08:23:11 AM
Creatzd by admin
Experiment 1D 379351186730453731 [}
Status @ Firisned
Run D 43drAb01heo4h 1385030000 ereddd [
Curation 708
Seurce

|& Tpykernel_launcaerpy

Hegistered prompts -

Datasets

[ dalasel (2a7aD237) Eval  +1
Tags
estimator_class: sklearn linear_mods|._ogistic...

ectimator_name: | oglstcRagressian /7

Registered models

None

Registered models

) Ask Al

The model page displays similar metadata such as performance metrics and hyper-parameters.It-also
includes an "Artifacts" section that lists the files that were logged during training. You can also see
environment information such as the Python version and dependencies, which are stored for
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reproducibility.

MLflow Quickstart » Models »

2 model

Overview Traces Artifacts

D MLmodel 9856
conda.yaml|
2 model.pkl Path: file:/ffUsersfyukiwatanabe/Workspace/mlflow-playground/miflow-3/mlrunsf3792
[ python_env.yaml artifact_path: file:///Users/yuki.watanabe/Workspace/mlflow-playgr
[ requirements.txt flavors:
python_function:
env:

conda: conda.yaml

virtualenv: python_env.yaml
loader_module: mlflow.sklearn
model_path: model.pkl
predict_fn: predict
python_version: 3.1Z.8

Step 5 - Log a model and metadata manually

Now that we have learned how to log a model training run with MLflow autologging, let's step further and
learn how to log a model and metadata manually. This is useful when you want to have more control over
the logging process.

The steps that we will take are:

= |nitiate an MLflow run context to start a new run that we will log the model and metadata to.
= Train and test the model.
= Log model parameters and performance metrics.

= Tag the run for easy retrieval.

python

# Start an MLflow run

with mlflow.start_run():
# Log the hyperparameters
mlflow.log_params(params)

# Train the model
1r = LogisticRegression(**params)
lr.fit(X_train, y_train)

) Ask Al
# Log the model

model_info = mlflow.sklearn.log _model(sk_model=1r, name="iris_model")

# Predict on the test set, compute and log the Loss metric
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y_pred = lr.predict(X_test)
accuracy = accuracy_score(y_test, y pred)
mlflow.log _metric("accuracy", accuracy)

# Optional: Set a tag that we can use to remind ourselves what this run was for
mlflow.set_tag("Training Info", "Basic LR model for iris data")

Step 6 - Load the model back for inference.

After logging the model, we can perform inference by:

= Loading the model using MLflow's pyfunc flavor.

= Running Predict on new data using the loaded model.

@ INFO

To load the model as a native scikit-learn model, use
mlflow.sklearn.load_model(model_info.model uri) instead of the pyfunc flavor.

python

# Load the model back for predictions as a generic Python Function model
loaded _model = mlflow.pyfunc.load model(model info.model uri)

predictions = loaded_model.predict(X_test)
iris_feature_names = datasets.load_iris().feature_names
result = pd.DataFrame(X_test, columns=iris_feature_names)
result["actual_class"] = y_test

result["predicted_class"] = predictions

result[:4]

The output of this code will look something like this:

sepal length sepal width petal length petal width
(cm) (cm) (cm) (cm)

6.1 28 47 12 1 ”) Ask Al

57 3.8 1.7 0.3 0 0

actual_class = predicted_class
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Next Steps
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Congratulations on working through the MLflow Tracking Quickstart! You should now have a basic

understanding of how to use the MLflow Tracking APIs to log models.

= Miflow for GenAl: Learn how to use MLflow for GenAl/LLM development.

= MLflow for Deep Learning: Learn how to use MLflow for deep learning frameworks such as PyTorch,

TensorFlow, etc.

= MLflow Tracking: Learn more about the MLflow Tracking APIs.

= Self-hosting Guide: Learn how to self-host the MLflow Tracking Server and set it up for team

collaboration.

miflow

© 2025 MLflow Project, a Series of LF Projects, LLC.


https://mlflow.org/docs/latest/genai/
https://mlflow.org/docs/latest/ml/deep-learning/
https://mlflow.org/docs/latest/ml/tracking/
https://mlflow.org/docs/latest/self-hosting/
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Components Releases Blog
Docs

Ambassador Program

() Ask Al


https://mlflow.org/
https://mlflow.org/releases
https://mlflow.org/blog
https://mlflow.org/docs/latest/
https://mlflow.org/ambassadors
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